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TS = IS a1 U Thhar g s RfSesr sxarast &1 59 oot & & g 73, forer,
THTIIEhT AT o ALY 9 U< HI=d ALieh o SHAATEAT U T 8d o3l STTav gl Tahe el o 59 2 §
T T3 9F T agd a1 gAaT0 Siored a&aras, F¥ e Gradl, Jiere e, T3 scdTe & &9
H FE=TT q¥E | U g1 FSEeT #¥r0r gIRT SUANT FIAT 9w 2T SATAT 1 TEHRT AEA I+ 6
T I3 -SHER0T IUITEA T Ua A fater it asasdl gl 978 @A TTHida ATT FETe FT Tah VT
s ¢ o e aearastt & #gcaqet g=1 &t T Sar g1 978 a{ 0T 978 @ & &=
H Hgcaul oy fAwT § | UF g AHIT 96T § TH A § Igd dSit F & T T | TET A7 TN+
ATEATT AT o qTS TR0 9 TR T 9Tl FHTAT o qAhel1oh TAT TG T A0 T 17 g

HET TR : T e ATT HATe, FE qfeg, ATITEE, 9718 avfiwor, Ries searas|

2 9EqTEAT:

STRTeh AT HETEA FHIH oz HT AT & & [oTaH ATITEST U F g T THA gl FHH
i # gFema 1950 H g2 TAT (R (Alan Turing) T 319+ el 99 “Computing Machinery and
Intelligence” [1950] & HTEAH | FATAT sl T W HIHAS T ol 48 H1A FHT Gl gl THH ITLT 1956
H ST g% 7T (John McCarthy) F Us 309 # = “artificial intelligence” (F=H ) AT [&ATI STF HH1AT
(John McCarthy) &I FEH qlg & 6 AMET AT gl 1957 § T F\ent (Noam Chomsky) o
transformational-generative grammar &Td foaT ST ITHfas ATHT HET8 F RS0 § agd dgadol
HTTere ATI TR e TS SHTE W= SO 7 ST0Thte ST % o 1o Harel ST el g1 TThiaeh qreren
T ERTUTERIT STET H EATMOd FA o [T TR AT T ST ST 63T SITaT g |90 ATaTiase
Fel 7 el TTHIaE FTT GETLT & Heel AT gl AT SATATRIET o &7 § FHfd A 6 q1% qoe d15e 9 I
TEd T TEATAS (Sfoed & H ITAH g, THT AT TR 80% TEATAS A0 X AG-HL = &9 H g1 A
& TH THAGT AT H T EATAS 0l FIST T H FHIAT ATT ATTF 2| TT ATLTHTA Hl 3@ g0 37 & |
9T BT g 8| Teforee awarasil &l T XA & {70 975 @A qahe 19 1 TANT (HAT ST TgT | TS @A o Fs
FIAANT & TSTEehT STANT STA-30A FIAT (STH HETHE TATICT T, T T9h AT, AveroT (SFerd, ITS A Tehe0T)

% TorT 3T STaT 8l
R IS FRfTehr:

qTS AR(TR0T TThfdeh ATHT HETL HT Hifolsh H1d g [oraH [Sfored aearasi &l 39 ATt S8 &,
e, faeT e F e 9% A(tha AT ST g1 918 AR, I8 @ T AqAIE &7 gl TS @A AT
TIRT {EId: 975 o Taeld Ud AFAd q1S | AT [ (et = fory rar sirar g fSasr 59 g z9&r
ST SATETAT & AT ST o1 Fa9H David 3T 39 a1t g7 1994 9718 afienol 9 w13 6T 747 97|
SEH Teg 1 &1 AT &1 a1 7aT 9TISEe 918 1996 H Larkey Ta AT 1T 915 a9 <0T 9% F1H
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fohaT a7 SreeRT ot “Combining classifiers in text categorization” =TI Joachims ETXT 1998 ¥ ¥ T3
AT 9T HTA AT fSrEet offdF “Text categorization with support vector machines: learning with
many relevant features” fSTEH Tea < svm SATTLAH FHT TANT AT 9T

Input text | Classifier model - 5 Output (easy to use)

—

v

Figure no. 01 Simple block diagram of Text classification

UTS FRTTRTOT T QT S-S LRI | [T ST TRl &
1) AT IS AR
2) TEATCIT TS AR
A ITS TR :
AT TTS AR H qTST T A0 HST FIT TTS I TATCE FHileh Ieeh AT % A& 9T Fohar S[rar g
T Tl | LEAT AT Tt g1 e 99T SATET 97T 2l

ST T8 AT -

EFATIOIT AR H TS T A H207 TR0 FIT ST & & 6T FI7a7 g1 376 o0 Fg g &7 e
EIEEIRRIURER RIS

FIATT ITS AR 6 (10 Fg, TS T TANT (637 1At 2| 5w o1 Jegi & Jier 7 967 2l

i) BREEEPULCRWIE]

i)y  weftw afe srenfa o

iii)  gretEe o=
s srafia soi=

= T TS § 99T [MEHT T TIRT R 918 Rl AN hd AT ST § 39 | 918 Fl avfidhd

T T UF AT T g1 A6l g T[S s TATATE T ¢ AT IHD[ &l g | FHd HLAT g AT TS &l aviiahd
T o (o7 T T8t HATerd &5 o ASa1 HT AT TATE FLd & SHF 918 TS & &9 § (&0 T 75 § 75
ST STTAATT o TRer &7 T 9reg STTersh 8 TS &7 I9T &3 &7 |/IAT ST

Hefte =i s
wefte ST Ue UHT U g e et arurs [Memt i saeashar Agi 9Sdi| 39 T | had STel
T o o3 STraT g1 ST 2 fRu g Ster § "@9vre FrErar g e F@Eieid §9 | 975 1 avie o] wdl gl
Hef e AT & o qeIa: U= 21 2l
1. Supervised machine learning
2. Unsupervised machine learning
3. Semi-supervised machine learning

NERSIESS wefi= <fifer Q’Sﬁ'ﬁf (Supervised machine learning approach):

Supervised learning T TAT &€ g SE#H g7 79f9 Fl 79 F2d 997 labelled data FT SIRT 3T STTaT
2! Supervised learning & ST &I JATT FLT AT TAYE 3T 3MSE % ATH labelled data =T SITaT 21
AA-ULATESS wefte =ffeeT 1Q'Sﬁ'a'(Un-supervised machine learning approach):

unsupervised learning ¥ A qAX Fxd T9 FRET ff T1¥ ¥ labelled data T s/&<a 7gi 9=d7 2
unsupervised learning ® HIET Hl TH T TATT (AT S(TAT g o ITH &7 unlabelled dataset & & Stra« sft
T THT % ST gd & ST U IF a9 S1d7T § Siwg cluster gl SITaT gl
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ﬁ‘ﬁ-m Hefte =T TN (Semi-supervised machine learning approach):
semi-supervised learning, § HIEe &l TATT FXd THT labelled T4T unlabelled AT 2T T ATFTHAT TSAT
2| FH 973 H labelled data T 9T SAT&T ATAT # unlabelled data T staezerar
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Figure: 02 Representation of various classifier
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TH T § HefiT AT Ua 92| sremid =7 T T TR 63T STaT 81 5o STieh S &7 ST 56
T T STTaT 7 TR0 ST STEAT &l @1 ST Heh| STe 7L AT TRIeH Sevemeiar & #1015
qTS 1 A0 Al L 91T qr SHeh o0 [HFH SETd UIE 7 TTRT AT ITS T FRL0T 63T SI1aT gl THH
H AT 6 eHTae SATereh LEar Herdr
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Figure: 03 Block Diagram of Text Classification
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3 gAY ;

Narayana Swamy T4 M. Hanumanthappa g=T # ferfera emrer 7= forert ¢fiv= “Indian Language
Text Representation and Categorization Using Supervised Learning Algorithm” & = ATLA 1=
ATITSAT (FHE, TR, TTHA) T AIMHLOT THAT AT g1 THH TTT Teg =l T ATIT & 100 TEATSAT 1
é‘vf Fam T =z gt i SN Decision Tree Algorithm, Naive Bayes Algorithm,
Nearest Neighbor Algorithm ¥ T fS/&# =€ Naive Bayes gives Algorithm # 97.66%,Decision
tree Algorithm ¥ 97.33%, Nearest Neighbor Algorithm & 93% S[&dT I8 Rl
U. Sree Krishnaetal ZTT 2019 § forfea emer o= fSraet offds “Text Classification Using Fuzzy
Neural Network” ¥ o1& = 975 a{s0T o {10 il 743 dedsh A= &7 TINT 77 717 5o+ 3=
95% ETT ITH gl
Farahadeebaandetal T ferfera et o “Urdu text Genre identification” g1 39 oer 97 §
3§ UTS o aNa0T & forw SVM U= T YT foraT s g1 fSraes forw =21 &7 27T 92 (dataset)
T TRT T8 STeT He | 229 TEATAT I o (AT 3T 56 T¥ TIET 3T 97 T8 1T °4e 7 686
TEATAS T o AT 3T 160 T gLreqor foham
Ali Abbas Raza 3% [jaz Maliha = 379+ &gl 957 “Urdu Text Classification” 2016 ® a7 & {3 371+
33 TS 10T % o7 Naive Bayes 3T SVM ATSH FT T 26067 I3 aedrawi a2 a1 oo+
T2 93.34% &ar e
Muhammad Usman 3T Saba Ayub g1 ferfera errer 97 foraet oftis “Urdu Text Classification
using Majority Voting” & HTEIH & @ 7 aqTaT g o IR q1e Fufianor & forw 2176 w=ararsti 7
Hhee AT 3fiT SHFT tokenization 3T AT SE¥E 3078012 token fHaT e Fo 120166 9152
fHen Seferd U STeT 9% 97 IR Multinomial Naive Bayes classifier, Bernoulli Naive Bayes
Classifier, Linear SVM,Random Forest Algorithm, Linear SGD Classifier &7 YT o1 713 e
Naive Bayes classifier ¢ 87%,Bernoulli Naive Bayes classifier 92 84%, Linear Random Forest
Algorithm, Linear SGD Classifierd® 89%,Random Forest Algorithm 9¥ 83% T9T Linear SGD
Classifier 90% S[&dT 979 gaTl
Pooja Bolaj T& Sharvari Govilkar gT¥T ferfiaa errer 7= forereht ofite “Text Classification for Marathi
Documents using Supervised Learning Methods” & @ gT<T A TAT AT & o Ira (7 AXTST TaTasl
% FATHLOT F foIT Naive Bayes, Modified K Nearest Neighbor T& Support Vector Machine
FRTITLAT T TTRT FRAT 7 2
Nidhiand Vishal Gupta gT=T ferfad errer o7 foreeht ofivs “Punjabi Text Classification using Naive
Bayes, Centroid and Hybrid Approach” ® USITell 9T& &T a¥(1<oT 3T 147 foree o1 Centroid
Based Classifier, Naive Bayes Classifier T& Hybrid Approach &T Y31 {41 74T g1 fS/&# Hybrid
Approach FT S[EAT 80% TAT Centroid Based Classifier &t 66% Ta Naive Bayes Classifier =t
57% &1 ITH g2l
Aishwarya Sahaniand el al =T forfera omrer o= foraaT offd® “Automatic Text Categorization of
Marathi Language Document” & TSr# S@#hi 1T HXTST 9T a1 & oI LINGO Algorithm T
TR foRaT fSraH 378 95% T LT 9T g5l
Jumi Sarmah and et al T forfera o 951 § S@eRT ofivs “A Novel Approach for Document
Classification using Assamese WordNet” ¥ SHIST WTHT T TS T a1eh<0T AT 147 & s forg
Assamese WordNet T YT T AT & REH 90127% &1 ITH gs|

K. N. Murthy g7 forfera ot 91 & Sr@ert ofivs “Automatic Categorization of Telugu News
Articles” & =9 g T § for@e g7 aqTAT AT § Srgid doi[ THTAT T & a¥1#<0 Naive Bayes
Algorithm T YT 3T fSEH 372 93% T <L&aT ITd g2l
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Mansur Mand et al g1 forfad omer o SRt ofiisF "Analysis of N-Gram Based Text
Categorization for Bangla in a Newspaper corpus” ® @ FTT SRTAT THTATE T3 FHTIH o F3([H0T
% o7 N-Gram Algorithm T Y= 33T 73T 21
S. Mohanty, and et al gTXT I&d g ST “Semantic Based Text Classification Using
WordNets: Indian Language Perspective” H H&Fd IT5 &l a7 wordnet FT TIRT T & T

AT 2
S.N. | Author Title Methodology Output
No.
1. Narayana wamy, Indian Language Text Representation | Decision Tree | 97.66%
Hanumanthappa and Categorization UsingSupervised | Algorithm, Naive
Learning Algorithm Bayes  Algorithm, | 97.33%
Nearest ~ Neighbor | 93%
Algorithm
2. U. Sree Kirishna, | Text Classification Using Fuzzy | Fuzzy Neural | 95%
etal Neural Network Network
3. Abbas Raza Ali, | Urdu Text Classification NaiveBayes 93134%
Maliha ljaz SVM
4. Farahadeeba, etal Urdu text Genre identification SVM
5. Muhammad Usman | Urdu  Text Classification using | Random Forest | 83%
Majority Voting Algorithm,  Linear | 90%
SGD Classifier
6. Pooja Bolaj, Text Classification for Marathi | Naive Bayes,
Sharvari Govilkar | Documents usingSupervised Learning | Modified K Nearest
Methods Neighbor
7. Nidhi, Vishal Gupta | Punjabi Text Classification using | Hybrid, Centroid | 80%
NaiveBayes, Centroid and Hybrid | Based Classifier 66%
Approach Naive Bayes
Classifier 57%
8. Aishwarya Sahani, | Automatic Text Categorization of | LINGO Algorithm 95%
et al MarathiLanguage Document
9. Jumi Sarmah and et | A Novel Approach for Document | Assamese WordNet | 90.27%
al Classification using Assamese
WordNet
10. K. N. Murthy Automatic Categorization of Telugu | Naive Bayes | 93%
News Avrticles Algorithm
11. Mansur M and etal | Analysis of N-Gram Based Text | N-Gram Algorithm
Categorization for Bangla in a
Newspaper corpus
12. Menaka, S. Radha | A Text Classification using K Nearest Neighbor | 95%
Keyword Extraction Technique Naive Bayes 87%
Decision tree 98%
13. K Raghuveer and Text  Categorization in  Indian | Naive Bayes 60.30%
Kavi Narayana Languages using Machine Learning K Nearest Neighbor
Murth Approache SVM
14. S. Mohanty, et al Semantic Based Text Classification | using Sanskrit
Using WordNets: Indian Language | wordnet
Perspective
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15. Rajan et al Automatic Classification of Tamil | Artificial Neural | 93.33%
documents using Vector Space Model | network
and Avrtificial Neural Network Space Vector Model | 90.33%
¥ s

fAehT & TIX 9% 0 Fg Thd & (o 3TST, TS a0 o0l STATRAT agd del HIAT § TEATASIT o AT
ST & o 29 <\ &7 8 YA § AT ¢l Rree aearestl il TITIAT & 97 § 91 a0l -0 I
TAT YT ATHT FETEA 6 &5 § Teh Aged Q01 [aud a9 =TT gl TTHT €9 °, TS F( 100 § oo swemtea
SHES FITHLIT ST TS ATAT-ATHTIA AR(RL0T ATTH graT gl Fis off U7 e fow=t & s 9¥ forg S
g, ST & (10 ISATHF, @, AT oawor, Fat=r= qHreT, 3T [ fu-srara a1 anfiam
TEATAST T IeTeh FTAT & SATH AT F2aT gl Riree aearasl Gy &7 8§ a2 96/ 9% a9 I & A1
TEY TAFL( (A TEqTAAL F IS S -0, 741 99z, Tasmae onfa 1 arfieor qrs anfieneor & gy a3aar
T TR gl TH AL o ALATT F g TqT FAT il IS AR o {70 ITTRT H AT ST ATAT ARTLTHT §
qaH SITaT 54T Decision tree WW%%@TWW%WWWNM% Bayes, K Nearest
Neighbor T3 SVM SIATITH T AR f36AT SITAT 81 36 0 STETAT | Tah & ol HHI97 FohgT ST
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